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Abstract

In this paper, we use a hybrid technique from artificial neural
network and linear regression model. We explain how this hybrid
technique works and compare it with neural network and linear
regression model. To show how well done, we used the Mean Square
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Error (MSE) criteria through using simulation and real examples, we

show that this hybrid technique, generalized regression neural network
has minimum value of MSE.

(Artificial Neural Networks)
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f(x) = exp(-x?)

For all x
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(1)
n=1000 | =100 | n=50 | n=25 | n=10 oY) Bl Ay jas
0.9987 | 0.9892 | 0.9823 [ 0.9573 | 0.8932 (RG) oy Jalas
1.0000 | 1.0191 | 1.1673 | 1.4094 | 1.9217 | (NN) duclilaa¥l fuaall Gl

Laanall Fopanll JlasiVI 4SS
0.9398 | 0.5440 | 0.3500 | 0.1994 | 0.0822

(GRNN)
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n=1000 | n~=100 | n=50 | n=25 | n=10
0.9979 10.9817 | 0.9617 | 0.9200 | 0.8033 (RG) iVl Jilas
0.9992 | 0.9939 | 1.0084 | 1.1243 | 1.5571 | (NN) 4elibia¥) dpasll SIS
0.9958 [0.9617 | 0.9217 | 0.8406 | 0.6248 daarall dpuaall Hlasi¥) 4SS
(GRNN)
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