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Using Clustering for Modeling Monthly Salary Grade
ABSTRUCT

Clustering is considered as one of the most scientifical
developments which the scientists reached at in the field of
recent knowledge and technologies to discover the cluster's
group. The clustering concept was introduced firstly by Ronald
in 1955. The clustering's fundamental notion is represented in
dividing the data into clusters. This research aims to using
clustering for actual data modeling for the monthly salary grade
of the teaching staff for one of the Mosul University's College in

daa gall dnalan/Slpnzaly )l 5 o gulall o 5le 4K/ /
2009/ 10/12 2009/ 6/ 29:



[298]

2009, by using HCM algorithm to these data. Matlab software is
used to write down the proposed algorithm programs. Results
proved the efficiency of this algorithm in clustering the actual
data and how to represent them as clusters .
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