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p | Method PE (© |

10 AIC 24503 | 1 0
BIC 22955 | 2 0

FFA 17.722 5 0

50 AIC 22879 | 3 0
BIC 21331 | 3 0

FFA |16.098 | 5 0

100 AIC 22112 | 2 1
BIC 20564 | 3 0

FFA [15331| 5 0

n=100 e LAY &)k Al pulaa Jaza (2) Jdon

p | Method BE @ |
10 AlIC 23465 | 1 0
BIC 21917 | 3 0

FFA 16684 | 5 0

50 AlIC 21841 | 3 0
BIC 20.293 | 4 0

FFA 15.06 5 0

100 AIC 21.074 2 1
BIC 19526 | 3 0

FFA 14.293 5 0
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G gAY @RI e oY) b el FFA zdl Qo) o 5 a8y Jeaadl 8 dadldl milull g L lajlas) &5 ) Al @fpial)
Aajldl @ ) Al i) e 23e Jilg MSE J das 5ol cn

bl cilad) w05 Jgan
Method | MSE Variables

AlIC 39.561 7
BIC 37.248 6
CSA | 27.931 4

Conclusion clabiwN -6
FFA Gsbal alasial o ) imsll SlasiV) z3gai 8 digall cilibully sSlaall (DA e lggle Jgemal) o ) gl i
LYl Ailany) z3lal) iy mll 5 3 cpardiendll lgise aleny Laa PE 5 MSE s plasiad sie 5jlias il ) (535
Colall og 283 Bl a Lea il aas 53l dic PE 4ai (ids Cus ¢ PE ad o € il al 1 diad) saa of san celld )
& ) g me MSE Lbas ahasial of S jaaag . PE dad b paliad) Liad Laadls dliial) <l piiall aae dad 50b5 vie ¢ 2Y)

Aliiaal) lpaiall e sae JB Ll 4568 gl z el sl o @l e sdle L Ailaany) g alall auiy gl gl 8 Juadl
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Variable Selection In Logistic Regression Model Using Modified Firefly Algorithms
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Abstract: The logistic regression model is considered the most widely used in many applications, and it is one
of the main models in the family of generalized linear models. Like other regression models, the model may
contain many independent variables, which negatively affects the accuracy of the model and its simplicity in
interpreting the results. This study aims to use the modified firefly algorithm and compare it with other methods
for selecting variables in an exponential regression model using simulation and real data. The results showed
that compared to other previously used methods, the proposed method performs better and helps reduce the
mean square error of the model.
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