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Mkp-1 4 20 w={659 7} c={9 11 13 15}
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Mkp-3 10 269 w={9546032 c={55104754
23 72 80 62 5086185
65 46} 87}
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Instance Methods . . Best
profit weight
Mkp-1 BHA 35 18 35
IWO 35 18 35
MAP 35 18 35
Mkp-2 BHA 23 11 23
IWO 23 11 23
MAP 23 11 23
Mkp-3 BHA 295 269 295
IWO 295 269 295
MAP 295 269 295
Mkp-4 BHA  481.0694 354.9608 481.07
IWO  481.0694 354.9608 481.07
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